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(IEEEIP) 2007 455 11 M EARAREMESISC 1 F SHIREIES 1 IR
B E T THAERIGEAAN TSNS T TR EE © “Most of current single
face 1llumination manipulation methods such as Li et al. [22], Han et al. [23], and Xie et al.
[24] are related to face recognition (Zhang et al. [25])”

[2) hnE R E 50T Bl t: » EFFRSCARRIBEE A - IEEE Life Fellow ~ IAPR
Fellow ~ JIE KRB AT RS C. Y. Suen AL RV A AT IEEE IP)2011
FEg T L RFRAARERMSISC 2 o AAREREIRSC 1 F 2 SV T4
HEVAZPIE 21 “Zhang et al. developed a novel technique called Gradientfaces by
extracting the illumination insensitive measure from the gradient domain [4].” ° “and
logarithmic wavelet transform (LWT) [13], respectively. Among the methods of extracting
the 1llumination msensitive/invariant features, the Retinex theory-based methods always
perform better than the others.”
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2008) "
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T (IEEEIP) 2014 55 2 B EAFRAVARMESISC 5 F - XHUERMIESL 4 #93E
PEFSE D By LRI ST T T & B - ¢ “To address the above issues, we
propose a general exponential framework for dimensionality reduction, motivated by the
work 1n [33]. In [33], Zhang et al. proposed exponential discriminant analysis (EDA),
using matrix exponential to deal with the SSS problem of LDA. In the proposed
framework, the matrix exponential can be considered as the cumulative sum of the

similarity/transition matrices after the random walk over the feature similarity matrix. The



random walk makes the feature similarity matrix more reliable and suppresses the
sensitivity to the size of neighbors. The fact that the matrix exponential 1S non-singular
well deals with the SSS problem.”
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techniques have been proposed to detect and further characterize the singularity of signals
[21], [22]. This paper utilizes these principles and makes improvement for better resolving
the specific problems raised in a power system.”
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AL N s B B R IR B IS NL 26 T T 78705 E © “Generally, a good
thinning image should have the following characteristics [17], [20]: DIt conform swith the
custom of human perception;2)it 1s the median of object; 3) it retains the original
connectivity; 4) 1t has high thinning rate (TR); and 5) it 18 of low computation time
expense.” FlI “some unconventional ones [13], [15], [17], [18] are also presented.”
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nonseparable multi-D wavelet systems is highly nontrivial.” = J¥ : [15]2fSFEMHIEX
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